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Introduction

Motivation

Gold is found in the conglomerate strata of the younger members of the
Supergroup. The abundance of this gold is without equal anywhere else
in the world. Over 50 000 tons have been mined from these rocks since
this precious metal was first discovered here in 1886. This accounts for

approximately 50% of all the gold ever mined on earth. .
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Background

Danie G. Krige (1919.8-2013.3) was a South African Mining Engineer and
professor at the University of the Witwatersrand who pioneered the field of

geostatistics “ and practiced the science of evaluating mineral resources
for mining purposes. The technique of Kriging is named after him.

Herbert S. Sichel (1915-1995) was a statistician who developed the
Sichel-¢ Estimator for the Log-normal distribution’s t-statistic and also
made great leaps in the area of the Generalized Inverse Gaussian Distribu-

tion. " He pioneered the science of geostatistics “ with Danie G. Krige
in the early 1950s and also was well recognised in the field of statistical

T
linguistics.

Georges Matheron (1930.12-2000.8) was a French mathematician and
geologist who well known as the founder of geostatistics and Kriging. &
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Two distributions

Log-normal distribution
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Generalized inverse Gaussian distribution
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where K, is a modified Bessel function of the second kind,a > 0,0 > 0
and p is a real parameter.
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1= Theories
# Weighted Average(closely related to regression analysis)
Best Linear Unbiased Estimator(BLUE)
Gauss-Markov Theorem

#» Polynomial Trend Surfaces
Generalized Least Squares Polynomial Curve Fitting
#> Bayesian Inference r
= Applications
#) Environmental science

# Hydrogeology [g]

. [10]
# Mining

. L . [11]
# computer experiments and optimization
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Cases Study
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Cases Study

From Home to Work

Figure: London: The Information Capital
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Plot

Scientific Visualization of Spatio-Temporal Data
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BaiduMap VS GoogleMap

Leaflets is one of the most popular open-source JavaScript libraries
for interactive maps. It's used by websites ranging from The New York
Times® and The Washington Post!® to GitHub!! and Flickr2, as well as
GIS specialists like OpenStreetMap*3, Mapbox!#, and CartoDB?®.

Shttp://leafletjs.com/

Shttp://www.nytimes.com/projects/elections/2013/nyc-primary/mayor/
map.html

Ohttp://www.washingtonpost .com/sf/local/2013/11/09/
washington-a-world-apart/

Uhttps://github.com/blog/1528-there-s-a-map-for-that

Phttps://waw.flickr.com/map

Bhttp://www.openstreetmap.org/

Yhttps://wuw.mapbox.com/

Bhttps://cartodb.com/
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BaiduMap VS GoogleMap

PR A AL AT

library(leaflet)
library(baidumap)

loc<-getCoordinate(' ¥ H# d k% (b %)', formatted = T)
library (ggmap)

ggloc<-geocode("China University of Mining and Technology,Beijing")

CUMTB <- leaflet() %>%
addTiles() %>%
addMarkers(lng=loc[1], lat=loc[2],
popup="China University of Mining and Technology,Beijing")
CUMTB
ggCUMTB <- leaflet() %>%
addTiles() %>%
addMarkers (1ng=ggloc$lon, lat=ggloc$lat,
popup="China University of Mining and Technology,Beijing")
ggCUMTB
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BaiduMap
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